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MOTIVATION data preview

Data after decoding into json format have the following form, which we can see

on the left side and graphic visualization on the right side.

Automation has played a significant role in many domains and trading is no exception. A 1607444700000, // Open timestamp
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beginning traders. Automated algorithms can perform complex mathematics in real time and
make required decisions based on a defined strategy without human intervention and send Technical indicators and trading strategies
trade orders for execution automatically from the computer to the exchange. A computer can Subsequently, when we had obtained the necessary data, we could start
trade hundreds of problems simultaneously using advanced algorithms with layers of calculating the values of the indicators, which will serve as conditions for
conditional rules. opening trades and therefore looking for opportunities on the crypto market.

It is also worth mentioning that all indicators were calculated using original
formulas and no libraries or extensions were used in the scripts, mainly due to

the experimental approach and the possibility of adjusting indicators according

to needs.
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Each indicator had conditions for buying and selling the asset (as shown in the figure

above), but all indicators had the same parameters.

METHODOLOGY Backtesting

We have one independent variable and six grouping variables (risk to reward
D ratio, budget risk in %, timeframe, number of symbols, indicator length and buy and
ata source

We decided to use cryptocurrencies as opposed to stocks or forex, as cryptocurrencies are a sell level), which represent our input variables.

commodity that is traded non stop on various exchanges around the world and therefore, they All these variables are nominal, of which two are polytomous (strategy and buy/sell

do not have a regulator and are not subject to closing and opening markets. level) and the remaining five are dichotomous.

Data collection Technical indicator based strategy represented our independent variable, specifically

We obtained the data using an APl requests for the selected exchange. we used the technical indicators mentioned in aims ot the thesis.

The logic of data collection, processing and analysis was programmed in scripts and can be Output variables are metrics for analysis backtesting performance, namely

. . number of tr number of winning 1r inratio, final ital, max and min
seen in our trading robot model. umber of frades, number of winning trades, winratio, final capital, max and

achieved capital, return, drawdown, proftit factor, RoMaD, average trade duration.
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ACHIEVED RESULTS

A total of 352 backtests evaluated 182,748 trades and stored the recorded data in
the database, which we then used to test the results of our research. Our goal was to

find the best possible settings for the indicator and the trade, and to confirm this by
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CONCLUSION

The analysis of the results, their objective interpretation and the evaluation of the
hypotheses showed us how much the individual settings of the indicators and the
conditions of the trading itself matter. The number of parameters on which the trade
depends and the experimental approach is something that we consider as the

biggest contribution of this work and a recommendation for future practice.
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