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Results — Recommendations precision

Overview

We propose a flexible hybrid method for
personalized recommendations built on a
scalable distributed architecture. Our method
incorporates aspects of popularity and
recency, resulting into a so called
“trendiness”, while focusing on context of user
requests, and user behaviour similarity. We
evaluate our method on a offline data set from
Plista ORP and partially online, on the same
platorm, used in newspaper articles
recommendations.
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We use the following machine leaming
algorithms for estimation of the aforementioned
properties:

*Collaborative filtering with ALS

*Contextual clustering with K-means

Motivation

Recommender systems on Web have to
provide responses in up to hundreds of ms,
while still adapting to the current context of
user, categorizing them as (near) real-time
systems. Scalability demands force researchers
and developers to come up with innovative
algorithms for recommendations, in order to
provider users with up to date, dynamic
recommendations.
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Our approach combines multiple inputs,
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